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3. Mapper and Modularity
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4. Behavioral Implications
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Internalizing behavior inward-directed problems such as

Well established in network anxiety, depression Refe rences

science We speculate they all correlate with the mind's “orderliness”.

Why neuroscientists like this
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» Increasing modularity

For a graph G with a partition P of its nodes, the quality of modularity 6' NQXt Step -

of the the partitioned graph (G, P) measures the discrepancy between
the proportions of in-group edges and inter-group edges. from Mapper
to Homology

Precisely, for nodes uand v, let Q,,, = 1,._, n‘:ﬁ% ;1‘0 (ﬁ:‘sg invG'
The quality of modularity Q of the partitioned graph is the sum of the Q;;'s Homology of evoked brain activity
for all in-group node pairs.
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